
IJSTE - International Journal of Science Technology & Engineering | Volume 4 | Issue 10 | April 2018 
ISSN (online): 2349-784X 

 All rights reserved by www.ijste.org 
 

18 

Resource Allocation and Data provisioning for 

Data Centres in Cloud of Clouds 

  

Vinothini. C Muthusubha. M 

Department of Computer Science & Engineering Department of Computer Science & Engineering 

Dr.N.G.P Institute of Technology Dr.N.G.P Institute of Technology 

  

Srihari. R Rejoy Mannoor Roy 
Department of Computer Science & Engineering Department of Computer Science & Engineering 

Dr.N.G.P Institute of Technology Dr.N.G.P Institute of Technology 

 

Lavanya. R 

Department of Computer Science & Engineering 

Dr.N.G.P Institute of Technology 

 

Abstract 

During the recent times, storage server-based companies are getting increased. Each server need to maintain their own storage 

server, their cloud storage will last up to 100 TB to 200TB minimum. Most of the companies will not take much interest in buying 

or increasing new cloud spaces. It is quite expensive too. Due to this problem we are introducing an intelligent scheme for dynamic 

resource allocation. Here we propose data provisioning methodology for resource allocation. Resource allocation and re-allocation 

are being encrypted and decrypted using quantum cryptography. By doing the resource allocation dynamically it will provide web 

space for customers for their web hosting purposes. Here the main objective is to develop client server-based architecture for 

dynamic resource allocation in a cloud data center.   

Keywords: Resource allocation, Quantum cryptography, Handshaking method, data provisioning methods 

________________________________________________________________________________________________________ 

I. INTRODUCTION 

Cloud computing is a technology which make the users to access the resource from anywhere. The cloud services are hosted in a 

data center that can be accessed by any business organizations or individuals. These resources provided three different types of 

services. They are infrastructure as a service (IaaS), platform as a service (PaaS), and software as a service (SaaS). IaaS provides 

CPUs, storage, networks and other low level resources, PaaS provides programming interfaces, and SaaS provides already created 

applications. In this project we are dealing with storage resource allocation, which comes under the category of Infrastructure as a 

service (IaaS). The reason for using Infrastructure as a service is, this layer deals all types of storage and storage limitations which 

can be internally programmed. This feature is not available in other layers. Cloud providers form a large pool of abstracted, 

virtualized, and dynamically scalable resources allocated to users based on a pay-as-you-go model. 

This method will be working under data provisioning methods. Each and every cloud server will be internally connected under 

the security rules. The advantage here is that if server space get increased or if it is full also the hand shaking method will 

automatically will assign space in the next allocated server. A log file will be maintained for this resource allocation. In case of the 

current server will be getting some free space means, the allocated data will be transfers to the original source server. This process 

will not take much time duration; it will be done in a nano second. For this process the current server will be pay for another server. 

This process will be continuing executing till last storage will be getting allocated. Hand shaking with more servers will leads to 

increase in storage without buying new servers or increasing in cloud storage space.     

So finally increase in server storage may leads to more expensive as per IaaS - Infrastructure as a service. Still this method is 

not implemented in any company due their company policies. But here the policies are not over rules like stealing of data and 

security issues. This is because during the time of data re-allocation all the data and details will be encrypted dual times. During 

the time of retrieval, the data will be again decrypted. This method was done using Quantum Cryptography. Without violating the 

policies this resource allocation can be done perfectly.  

II. RELATED WORK 

Yuval Rochman,Hanoch Levy,Eli Brosh[1],This paper address the problem of resource placement in both cloud computing and 

networking. Here to maximize revenues the system operator plays the resource accordingly. Challenges to deal with multi-

dimensional stochastic demands. Here the analysis is done on reducing the research placement which may inflict huge resource 

repositioning cost. Here to overcome the difficulties in resource placement they propose algorithmic framework which provide the 
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efficient placement of resource dynamically. In this paper solutions are based on analytic techniques which use graph theory 

methodologies which is being applied for optimization problem. 

J. Dean and S.Ghemawat [2] Author proposed an Map Reduce is a programming model and an associated implementation for 

processing and generating large data sets.Here the main advantage which is implemented in this paper is that the user can postulate 

the map function which will process the key/value pair that will also generate the set of intermediate key/value pairs and there is 

an reduce function which will merges all intermediate values associated with the same intermediate key. The run-time system takes 

care of the details of partitioning the input data, scheduling the program’s execution across a set of machines, handling machine 

failures, and managing the required inter-machine communication. Here this make every programmer, deprived of any experience 

with parallel and distributed systems, to easily utilize the resources of a large distributed system. Our implementation of Map 

Reduce runs on a large cluster of commodity machines and is highly scalable: a typical Map Reduce computation processes many 

terabytes of data on thousands of machines. Programmers find the system easy to use: hundreds of Map Reduce programs have 

been implemented and upwards of one thousand Map Reduce jobs are executed on Google’s clusters every day. 

A. Rao, K.Lakshminarayanan [3] Here in this paper they proposed peer to peer (P2P)systems which will provide a DHT 

abstraction distribute objects among “peer nodes” by choosing random identifiers for the objects. This could result in an O(log N) 

imbalance. Furthermore peer to peer (P2P) systems able to be greatly heterogeneous, that is it may consist of peers that range from 

old desktops behind modem lines to powerful servers connected to the internet through high-bandwidth lines. In this paper, we 

address the problem of load balancing in such P2P systems. We explore the space of designing load-balancing algorithms that uses 

the notion of “virtual servers”. We present three schemes that differ primarily in the amount of information used to decide how to 

re-arrange load. Our simulation results show that even the simplest scheme is able to balance the load within 80% of the optimal 

value, while the most complex scheme is able to balance the load within 95% of the optimal value. 

D. Karger and M. Ruhl [4] This paper presents a Load balancing is a critical issue for the efficient operation of peer-to-peer 

networks. We give two new load balancing protocols whose performance guarantees are within a constant optimal factor. Here the 

protocols will be developing in the hashing data structure which will encourages the Chord (and Koorde) peer to peer network.Here 

it  preserve Chord’s logarithmic query time and near-optimal data migration cost. The prior protocol assistances the circulation of 

the key address space to nodes, which profits a load-balanced system when the DHT maps items “randomly” into the address 

space. To our knowledge, this yields the first P2P scheme simultaneously achieving O (logn) degree, O (logn) look-up cost, and 

constant-factor load balance (previous schemes settled for any two of the three). Here our second protocol goals to balance the 

distribution of items among the nodes. This is therefore useful when the distribution of items in the address space cannot be 

randomized for example, if we wish to support range searches on “ordered” keys. Here we give a modest protocol which balances 

the load by stirring nodes to arbitrary locations “where they are needed.” As an application, we usually use the last protocol to give 

an optimal implementation of the distributed data structure for range searches of on ordered data. 

G.S. Manku [5] An Author proposed a system using a low-cost, decentralized algorithm for ID management in distributed hash 

tables (DHTs) managed by a dynamic set of hosts.At any time, the set of IDs differences the intermission which will hooked on 

disjoint partitions. Here the hosts will not preserve global knowledge of other IDs in the system. There is a challenge to be dealt, 

that is to design an e client decentralized algorithm that maintains roughly equalized partitions, in the face of arrivals, departures 

and changes in the average number of hosts. Our ID management algorithm is the rest to enjoy all of the following properties: (a) 

both arrivals and departures of hosts are handled, (b) departure of a host results in at most one existing host to change its ID, (c) 

the ratio of the largest to the smallest partition is at most 4, with high probability, and (d)here it can be formulated as  the expected 

cost per arrival / departure is (R + log n) messages, where n denotes the current number of participants, and R denotes the cost of 

routing one message in the DHT. In fact, our algorithm is independent of the topology of the overlay network used for routing. 

Differences of our algorithm reduce the ratio between the largest and the smallest partition to (1 +), for any > 0, albeit at the cost 

of re-assigning the IDs of O(1) existing hosts per arrival/departure. Ours is the first algorithm that allows such. Here at last , the 

ID management algorithm enables the both  (a) estimation of the total number of hosts in the system by making only local 

measurements, and (b) imitation of a variability of the both deterministic and randomized families of routing topologies, in a 

straightforward fashion. Amid these folks there are numerous networks that require O(log n=log k) routing hops in an n-node 

network with k links per node. 

III. EXISTING METHOD 

A virtual machine (VM) is an operating system (OS) or application environment that is installed on software which emulates 

dedicated hardware. The end user has the same experience on a virtual machine as they would have on dedicated hardware. 

Here virtualization is done  when it  require more processing, bandwidth and storage capacity than an outdated server or desktop 

if the physical hardware is going to host multiple running virtual machines. VMs can easily move, be copied and reassigned 

between host servers to optimize hardware resource utilization. Because VMs on a physical host can consume unequal resource 

quantities (one may hog the available physical storage while another stores little), IT professionals must balance VMs with 

available resources. 

Virtual machine layers additional technologies such as self-service provisioning and chargeback onto virtualization. For 

example, in a virtualized data centre, the IT staff will spin up new virtual machines based on user demand or a new project. In a 

cloud environment, a user can endowment virtual machines from a self-service catalogue and specify resources without interacting 

with the underlying physical equipment. Virtual machines too creates through numerous vibrant administration deliberations, 
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countless of which can be addressed through general systems administration best practices and tools that are planned to manage 

VMs. There are some risks to consolidation, including overtaxing resources or potentially experiencing outages on multiple VMs 

due to one physical hardware outage. While these cost savings growth as more virtual machines share the same hardware platform, 

it does add risk. It is possible to place hundreds of virtual machines on the same hardware, but if the hardware platform fails it 

could take out dozens or hundreds of virtual machines. Numerous vendors offer virtual machine software but the two main vendors 

control in the marketplace: VMware and Microsoft. VMware has a mature product portfolio with many years of use in the IT 

industry. While a bit of a late player to virtualization, Microsoft is showing considerable progress. Some IT shops host noncritical 

applications on Microsoft virtual machines since the virtualization environment costs less than VMware's offerings. Several open-

source alternatives are evolving rapidly with new features and increased stability, but do not have the same maturity or support 

options as these vendor offerings. 

IV. PROPOSED METHOD 

In the proposed system the technique used is dynamic resource allocation techniques which is necessary to provide guarantees to 

web applications running on shared data centres. To address this issue, a system architecture that combines online measurements 

with prediction and resource allocation techniques. To seizure the brief behaviour of the workloads of application we model a 

server resource using a time-domain description of a generalized processor sharing server. This model relates application resource 

requirements to their dynamically changing workload characteristics. The parameters of this model are continuously updated using 

an online monitoring and the available space in the handshake servers.  

This framework uses time series analysis techniques to predict expected workload parameters from measured system metrics. 

Here we then hire a constrained non-linear optimization technique to allocate the server resources dynamically based on the 

estimated application requirements. The main advantage of our techniques is that they capture the transient behaviour of 

applications while incorporating nonlinearity in the system model. We evaluate our techniques using the simulations with synthetic 

as well as the real-world web workloads. Our results show that these techniques can judiciously allocate system resources, 

especially under transient overload conditions. 

Cloud computing is the deliver of storage capacity and computing as a service to a community of end recipients. The name 

comes from the use of a cloud shaped symbol as an abstraction for the complex infrastructure it contains in system diagrams. Cloud 

computing entrusts services with a user's software, data and communication over a network. The remote accessibility enables us 

to access the cloud services from anywhere at any time. To gain the maximum degree of the above mentioned benefits, the services 

offered in terms of resources should be allocated optimally to the applications running in the cloud. The lack in upfront capital 

investment and elasticity offered by cloud computing is pleasing to any businesses. 

V. CONCLUSION 

In this phase, we propose an effective resource allocation and data provisioning for data centres in cloud of clouds. We rely on 

erasure correcting code in the server distributing file system. This construction drastically reduces the communication and storage 

overhead as compared to the traditional replication-based file distribution techniques. These systems will works on single server 

model in an efficient manner. It is concluded that the application works well and satisfy the commitment. The application is tested 

very well and errors are properly debugged. The site is simultaneously accessed from more than one system. Simultaneous login 

from more than one place is tested.  

The site works according to the restrictions which is being provided in their respective browsers. Further enhancements can be 

made to the application, so that the web site functions looks very attractive and can be used in the useful manner than the present 

one. The speed of the transactions become more enough now. 
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